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HESA
Big Data definition

A Large volume

A High velocity

A Diverse variety

A Exhaustive in scope

A Fine-grained resolution

A Relational: capable of being joined through common fields
A Flexible
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Data strategy: disruptive models for HE

1. Radical personalisation

2. Massive data integration capabilities
3. Enhanced decision-making

4. Data-driven discovery

Source: McKinsey Global Institute
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Data in HE: drivers of change

A Increased pressure to base evidence on data, rather than experience
A Increased accountability demanded by stakeholders

A Collection of different forms of data for internal and external reporting
A Increasing use of IT by students and staff

A Emergence of unstructured forms of data

A Shift from aggregated to individualised data
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Spectrum of data

Curated Administrative
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Learner analytics is not newé

ACurriculum design
AStudent feedback
AAssessment

Alearner plans
ATeaching interventions
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é but technology supports learner analytics in new
ways

AFaster

APersonalised
AMore accurate/grounded in actual behaviour
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Levels of learner analytics applications

1. Micro Individual: helping institutions improve the quality of
learning and teaching while streamlining processes and
reducing workload

2. Meso Overall programme/cohort performance (e.g., graduate
retention rates)

3. Macro Institution and sector-level performance monitoring and
benchmarking
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Benefits of learner analytics

Students Increased chances of success; better graduate
outcomes
Providers More efficient and effective use of resources; better-

designed interventions; higher success rates,;
enhanced reputation

Policy-makers Improved decision-making; better insights; more
efficient use of resources
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Preconditions of successful learner analytics

AAppropriate ethical and legal framework
AAggregation of raw data
AlInteroperability

AAgreed specifications and standards

AUnderpinning technology
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An effective learner analytics framework therefore
needs to address:

APolicy
ATechnology
ASecurity

ALegal framework
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HESAO0s rol e 1 n | earner anal

A Data Futures will transform the environment to deliver many of the preconditions
for a successful learner analytics framework

AHESAOGs role is to collect the right ir
advancement of UK HE, through our systems and expertise

A This includes:
A A new technology platform to support refreshed governance, data collection,
analysis, and reporting
A Collective governance, through the Higher Education Data Landscape
Steering Group

A Support for data capability-building in HE providers
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Future developments

ATechnology will have an increasing influence on
pedagogy
APrivacy will become a growing concern

AQuestion marks remain over the scalability of learner
analytics and individual approaches across the sector
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About Jisc




Our vision and aim

Vision
To make thdJK the most

digitally advanced
education andresearch
nationin the world

Aim
We aspire to be thavorld
class powerhouseof digital

support and transformation to
the UK teaching and research
communities
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Expert and
trusted advice
and practical
assistance

Shared digital
infrastructure
and services

Sector wide deals
with IT vendors
and commercial
publishers

Current Future Current Future Current Future
examples: examples: examples: examples: examples: examples:
Janet network, Learninganalytics, = Microsoft 365 Prevent web Financial x-ray, ~ FE mergers, open
shared data centre, research data email, Amazon filtering, new cloud advice, access good
eduroam wireless,  management web services, models for digital cyber practice, national
geospatial services e-journals, publishing security/business monograph

FE e-books continuity strategy
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Learning Analytics

A guide for students’ unions
The following highlights some anticipated emerging issues

with the use of leamer analytics and student data in UK

higher education and how students’ unions might deal with

them on their campuses.

Learning Analytics — the basics
Learner analytics is about using the increasing
potential of data insight to improve students’
learning. As IT infrastructures and processing
power devalops, it is now possible to record and
store data relating to many aspects of the
student learning experience: classroom and
library/lab attendance; use of books, VLEs and
other resources; assessment marks and
feadback: and student profile and demographic
data. Data models can identify trands and
patterns to assist educators in designing
personalised support and assistance for
students, and te arrange interventions if there
is evidence of a student struggling.

This has massive power and potential to tackle
some of the problems and challenges that
currently exist in UK higher education, such as
avoiding unnecessary drop-outs, student
demotivation, reducing the number of exam
resits, enabling more reflective leaming and
engagement, and reducing inequalities such as
the BME sttainment gap.

Analytics also have the power to help us
understand more about what cultivates
effective student engagement and learning in
higher education. Early indicators from those
institutions pioneering analytics work has
suggested that institutions could make huge
strides in using engagement measures to
increase student success and support, and that
even very basic analytical models are being
used to prevent unnecessary drop-outs.

Learning Analytics briefing — August 2015

Issues to consider

Despite all the exciting potential of learer
analytics there are a number of issues that
could prove problematic if the appropriate
checks and balances ars nat in place to defend
students’ rights and interests.

Partnership

The prime purpose and use of analytics should
be to suppart the student-teacher partnarship
that is at the heart of education. This sits nicely
with Jisc's starting principle that analytics is a
"transparent moral practice”. In a partnership,
the use of a students’ data to support them and
their peers must be seen as transparent, as a
way of bringing out the best in students and
educators, and must always be used whilst
recognising the primacy of student individuality
and independence.

The role of students’ unions

The issues inveolved in the ethics and fair use of
learner analytics are broad and unprecedented,
and there will be many points of contention
within institutions that are unforeseeable.
Analytics development is built around
“secondary use’ innovations of data (i.e. uses
that we cannot anticipate yet). It is therefore
vital that students’ unions form a core part of
institutions’ considerations on the use of
analytics and are given recourse or space to
dispute uses that students object ta. NUS will
be on hand to support officers and staff in
students’ unions to engage with their
institutions on learning analytics issues and to
defend students’ rights.

Toolkit: Code of practice
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Code of practice for learning
analytics

Setting out the responsibilities of educational institutions to
ensure that learning analytics is carried out responsibly,
appropriately and effectively.
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First version includes: Q %

» Overall engagement
» Comparisons

» Self declared data

» Consent management

Bespoke development byherapy Box




